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Inventory data model: conventional
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Inventory data model: proposed
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1) Probability distribution1) Probability distribution

Y Z

2) Correlation coefficient2) Correlation coefficient

X

w

Difference in Input/Output
per unit amount of production

Fitted probability distributionFitted probability distribution

Scattering can be preserved
Individual datapoints are masked



©Hirokazu Sugiyama
International Workshop on Quality of LCI Data

21.10.03 Karlsruhe, Germany

Fit distribution for

1) Distribution fitting

Xi raw material/product in factory i (i=1~n)

wi marketing share of factory i (i=1~n)
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2) Correlation modeling
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Decision making procedure
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Case Study
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Objectives in case study
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LCA result: considering uncertainty
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LCA result: considering uncertainty
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Comparison: relative measurements
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Sensitivity analysis: regression model
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Conclusions

Data Model
Probability distribution for incorporation of uncertainty 
and for masking individual data
Rank order correlation coefficient for correlated 
sampling in Monte Carlo simulation

Decision Making Procedure
LCA result in probablity distribution
Relative measurement + Sensitivity analyisis
Case study Assumption needed

Even obtainig the mean value is still difficult.Even obtainig the mean value is still difficult.
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Conclusions

To help industry open more data for LCA 
practitioner...

Clarification of data development procedure
as data model is effective.
Even if assumed data is used, case studies 
illustrating the effectivencess of uncertainty evaluation 
are important.
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